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ID3 (Iterative Dichotomiser 3)
C4.5

CART (Classification and Regression Trees)

C AID (Automatic Interaction Detection)
CHAID (Chi-Squared Automatic Interaction Detection)

< FACT (Fast Algorithm for Classification Trees)

CQUEST (Quick, Unbiased, Efficient, Statistical Tree)
CRUISE (Classification Rule with Unbiased Interaction Selection and Estimation)
GUIDE (Generalized, Unbiased, Interaction Detection and Estimation)
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No self-reported Self-reported

history of tophus history of tophus
B 34 cases 58 cases
Clinical stage T1 21 controls 5 controls
0.2%* (1/534)
> Low risk
Biopsy Gleason PSA <10 ‘
score <7 1.3%" (21153) No involvement Involvement of
n=353 patients with ais
nevdy disgnosed Clinical stage T2-3 . of toes, foot or toes, foot or
prostate cancer \
P10 - Intermediate risk ankles ankles
8.3%* (6772) |
4 9 cases 25 cases
e—
R ) 17 controls 4 controls
Biopsy Gleason A 3
szore 8-10 - High risk
16.5%* (15/89) 27
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Table 2 Logistic regression analysis for the presence of coronary microvascular dysfunction in patients with suspected

Stepwise analysis

Coefficient Standardized OR 95%Cl P-value
coefficient

P-value

Patients with suspected angina angina and unobstructive coronary arteries
and unobstructive coronary arteries
(n=198) it i
Coefficient Standardized OR 95%ClI
P - coefficient
P o oo, e o, T om on i omion
* - - " Sex ~0434 0.305 0.648 0.357-1.177
- LVEF 0.011 0.016 1.011 0.98-1.044
& Haemoglobin -0.080 0.085 0923 0.782-1.091
CMD 26.7% CMD 50.0% Platelet 0.001 0.003 1.001 0.996-1.006
{33”42:. {23;55‘. CKD -0.183 0.363 0.833 0.409-1.698
BNP -0.003 0.003 0997 0.991-1.003
- hsCRP 0473 0.786 1.604 0.344-7.481
Hypertension 0.246 0.305 1279 0.704-2.327
Plasma serotonin Plasma serotonin Dyslipidaemia -0.091 0.302 0913 0.505-1.65
concentration <25.3 nmoliL - - concentration =25.3 nmoliL Diabetes mellitus  0.159 0.343 1172 0.598-2.295
- Smoking history  —0.153 0.305 0.858 0.472-1.559
- - - Plasma serotonin 1.007 0.328 2737 1.44-5.202
concentration
CMD 45.2% CMD 64.2% - 9.55 nmol/L
(19/42) (9M14)
The ORs are for a 1 unit difference.

0.573 0.366 1.774 0.875-3.703 0.118

1.031 0.383 2803 1.330-6.004 0.007

BNP, B-type natriuretic peptide; Cl, confidence interval; CKD, chronic kidney disease; CMD, coronary microvascular dysfunction; hsCRP, high sensitivity C-reactive protein;
LVEF, left ventricular ejection fraction; OR, odds ratio.
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All cases
N=2083

NIHSS score 7.5

N=1157
Favorable outcome
n=807, 69.7%

Age >76.3

outcome
n=592, 78.2%

Age <76.3
Node 1
N=757 N=400
Favorable Favorable outcome
n=215, 53.8%

(C175.1-81.1) Age <86.1

N=330
Favorable outcome
n=191, 57.9%

NIHSS score s4.5 NIHSS score >4.5
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NIHSS score >7.5

Node 8

N=926
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outcome
n=197, 21.3%
—

(C118.7-24.1)

Age >86.1

Node 7
N=70
Favorable
outcome
n=24, 34.3%

(Ci23.3-46.6)

Node 2
N=174 N=156
Favorable Favorable outcome
outcome n=73, 46.8%
n=118, 67.8%
T—— e
v v
(C160.3-74.7) Frequency <1.25 per day Frequency >1.25 per day
Node 3
N=9 N=147
Favorable Favorable outcome
outcome n=73,49.7%
n=0, 0%
(C1 0-33.6) Amount £13.5 (mins) Amount >13.5 (mins)
Node 4
N=55 N=92
Favorable Favorable outcome
outcome n=38, 41.3%
n=35, 63.6%
BT
(C149.6-76.2)
Frequency £10.25 per day Frequency >10.25 per day
Node 5 Node 6
% N=76 N=16
I A -
I Favorable outcome: (MRS 0-2) A SIS
I Nonfavorable outcome: (MRS 3-6) outcome outcome 2
n=27, 35.5% n=11, 69.7% E
(C141.3-88.9)

(C124.9-47.3)
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Table 2. Observed Outcomes by Treatment Group Using Testing Data, Stratified by Subgroup Identified Using
Training Data

No. of Patients (No. of Events)

Primary Composite Outcome? Treated Control HR (95% CI) P Value Abbreviation: HR. hazard ratio.
Losrd e Ll sela LA, LR 'Dzh ? Includes myocardial infarction, other acute coronary
Subgroups .02 syndromes, stroke, heart failure, or death due to
Current smokers with baseline 110(12) 126 (6) 10.6(1.3-86.1) .03 cardiovascular causes.
systolic blood pressure =144 mmH

: i p. : - ® Pvalue for the interaction term; false discovery rate
Remainder of trial population 2244 (109) 2200 (154) 0.7 (0.5-0.9) .003

for the interaction term is 0.007.
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